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Abstract. Predicting the cost of an insurance claim based on important variables is the key to have a
great predictive power. Therefore, accurate predictions, often, do not derive from model with high inter-
pretability. For this reason, we spent a lot of time thinking about new variables that can help to develop
a better model. In our analysis, SAS Viya and R were fundamental tools not only for manipulating and
exploring data, but also for creating new variables and evaluating our models.
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Figure 1: Histogram of target variable

1 PREPARE DATA

At the beginning of our analysis, we start combining
train set and test set. In this way, every changing in the
covariates is equal in both. Following, we look at the
complete dataset and the analysis begin. For our goal,
we decide to use R Studio and SAS Viya.

2 DATA EXPLORATION

At first sight,the dependent variable has an asymmet-
ric distribution, as it can be seen in Figure 1. After a
logarithm transformation, the distribution results more
regular. Therefore, we decide to apply the logarithm for
the target variable, Figure 2.

Looking at the entire dataset, some variables emerge
to be important and this is a considerable starting point

Figure 2: Histogram of the target variable in logarithm

for data engineering and feature extraction. We use
SAS Viya as a powerful tool for determining which
ones to select. Thanks to the quickness of this platform
we have been able to collect meaningful insight of our
data and to discriminate between variables. This can be
seen in Figure 3.

Joint analysis of the variables is useful to understand
the multivariate relationship between them. Hence, a
heat map is the right tool to explore in a visual way the
correlation, Figure 4.

Another important issue to deal with is the presence
of missing value (Figure 5) that can compromise the
goodness of our analysis. For this reason, in a following
section a detailed explanation is reported.
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